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Abstract

Electoral competition may provide countervailing incentives to elected officials: com-

petitive elections may mitigate private rent seeking, but may simultaneously promote

opportunistic vote buying. We examine these mechanisms by studying a decentral-

ized public program that selected households eligible for social assistance benefits

intended for the poor. While the overall amount of resource misallocation is only

weakly related to electoral competition, the composition of the misallocation varies:

as electoral competition increases, officials’ private rent seeking (i.e., allocating ben-

efits to non-poor family members) decreases relative to vote buying (i.e., allocating

benefits to non-poor, non-family members). Apart from being related to the official,

other household characteristics associated with receiving benefits are unaffected by

electoral competition, suggesting that favoritism works mainly through family ties.
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1 Introduction

Elections are often utilized as a mechanism by which constituents can hold policymakers

accountable. Electoral competition, however, may provide countervailing incentives to

elected officials: competitive elections may mitigate private rent seeking, but may also

promote opportunistic vote buying. While both channels have been addressed in the

literature, empirical research has tended to analyze these incentives in isolation and, to

our knowledge, has not addressed the inherent trade-off between these activities.

This paper examines how policymakers adjust their private rent seeking and vote buying

activities in response to electoral competition. The analysis utilizes survey data that

contain information about a decentralized program in a developing country that selected

households eligible for social assistance benefits intended for the poor. The data contain

detailed household-level information about program beneficiaries and non-beneficiaries,

allowing us to identify the types of households that were inappropriately included and

excluded from the program. These data are then linked to census and election data,

which are used to examine the trade-offs incumbents face.

Over the last several decades, many countries have decentralized government programs

based on the belief that local officials are more accountable to constituents and have

better information regarding the needs and preferences of the local population.1 Some

have argued, however, that in developing countries decentralized policies are particularly

prone to capture by local elites,2 a theory that has been supported by a growing literature

that documents evidence consistent with such capture.3 A key question, therefore, is how

local elections influence local government policy decisions in low income settings.

Within the theoretical political economy literature, research such as Banks and Sundaram

(1993) has examined conditions under which incumbents’ rent extraction is mitigated

because of reelection motives and benefits of retaining power. Empirically, Ferraz and

Finan (2011) use an objective measure of corruption to test the theory that electoral

incentives discipline politicians’ rent seeking behavior. The authors exploit randomized

audits of local Brazilian governments to construct direct measures of appropriation and

corruption. They find a strong causal impact between mayors’ reelection incentives and

the extent to which these mayors engage in corrupt activities.

On the other hand, another strand of the political economy literature, such as the prob-

abilistic voting models of Lindbeck and Weibull (1987) and Dixit and Londregan (1996),

examines political parties’ incentives to target (or redistribute) benefits to swing voters

1See Oates (1999), and references therein, for a review of the “fiscal federalism” literature, which
examines the relative costs and benefits of decentralizing certain types of government functions. Empiri-
cally, Alderman (2002) provides evidence that local officials and villagers possess local information that
is helpful for identifying households that are poor.

2See, for instance, Bardhan and Mookherjee (2005) and Drèze and Sen (1989).
3See, among others, Reinikka and Svensson (2004), Galasso and Ravallion (2005), Olken (2007) and

Araujo et al. (2008).
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to increase vote shares in an election. Empirically, Schady (2000) and Camacho and

Conover (2011) provide evidence consistent with the theory that politicians target public

resources to potential swing voters ahead of elections in Peru and Colombia, respectively.4

These two strands of literatures suggest that while electoral competition may reduce rent

extraction, it may at the same time foster opportunistic “vote buying behavior,” such

that the net impact on overall resources misallocation remains a priori ambiguous. Our

analysis merges these literatures by looking at how electoral competition jointly affects

rent extraction and vote buying behaviors. To do so, we examine the way in which

politicians distribute benefits across constituents as the degree of electoral competition

changes.

The paper draws from survey data from rural villages in a developing country that contain

information about an anti-poverty targeting program. The program establishes proce-

dures for selecting poor households that qualify for a poverty identification card, which

entitles cardholders to social assistance benefits. These procedures are implemented

within each village and call for an important role of the local officials, such as the village

Chief, with the goal of taking advantage of local knowledge of which households are poor.

The program was designed so that the number of identified beneficiaries approximately

equals the overall poverty rates computed by the central government, in an effort to

respect capacity constraints inherent to social assistance programs.

Within each village, a committee of local implementers, appointed by the Chief, in-

terviews households in the village using a short questionnaire. This questionnaire, a

Proxy Means Test (PMT), gathers information about household livelihood and contains

an objective decision rule regarding whether or not a household should be selected as

a beneficiary. Village authorities, however, have some discretion to adjust the list of

beneficiaries at the margin upon consultation with the villagers, in order to utilize local

knowledge of household circumstances.5

As may be expected, these procedures lead to the selection of households that reflect

more villagers’ perceptions of who are poor, rather than poverty status based upon

a consumption indicator, and may lead toward higher satisfaction among beneficiaries

(Alatas et al., 2010). In fact, overall targeting accuracy of the program was relatively

good, compared to similar programs in other countries. At the same time, however,

allowing for discretion of beneficiary selection may open the door for the political leader

of the village, the Chief, to influence the selection process and strategically include or

exclude households. We study this possibility by looking, ex post, at the characteristics

of households that were selected.

4Other papers, such as Drazen and Eslava (2010) and Kneebone and McKenzie (2001), provide evi-
dence that the composition of government spending is modified directly ahead of elections.

5A companion paper examines the selection and performance of the appointed local implementers, and
provides evidence that the skill level of these implementers matters for determining targeting accuracy.
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(a) Villager perceptions (b) PMT score

Figure 1: Share of non-poor households selected as beneficiaries, by incumbent margin
of victory

Our data include several metrics of household livelihood that include per capita daily

consumption, villagers’ poverty perceptions and the objective PMT score, as well as in-

formation regarding households’ family ties to the Chief. We draw upon this information

to assess the extent to which non-poor relatives of the Chief were included in the list of

beneficiaries (a measure we interpret as rent-seeking), and the extent to which non-poor,

unrelated households were included (a measure we interpret as opportunistic vote buying

behavior).

With the targeting information in hand, we then link these data to information regarding

the degree of electoral competition in local elections. Periodically, a local Council that

represents several villages is elected via proportional voting. Across the localities in our

data, there is effectively two party competition for these Council seats, and the party

that wins majority control of the Council has the ability to appoint the Chiefs in all

villages under the Council’s jurisdiction. Within the country, it is widely understood that

the appointed Chief is typically a strong party representative in the village. Anecdotal

evidence suggests that some Chiefs act as an “agent” for the “principal” incumbent party

within the village.

As we show below, electoral competition does not seem to influence overall exclusion of

poor households and inclusion of non-poor households. In fact, if anything, the share of

non-poor beneficiaries is increasing in electoral competition, which is consistent with the

evidence presented by Camacho and Conover (2011) for Colombia. An interesting pattern

emerges, however, between electoral competition and the type of non-poor households

identified as beneficiaries. Figure 1 shows the share and type of non-poor households that

were identified as beneficiaries, by the incumbent party’s margin of victory in the previous

Council election.6 Figure 1a identifies households as non-poor using villagers’ subjective

6Margin of victory is computed as [vote share of winning party] − [vote share of runner-up party].
Thus a margin of victory of 10 percent corresponds to the winner receiving 10 percentage points more
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livelihood perceptions, whereas Figure 1b utilizes the targeting program’s objective PMT

score to classify livelihood status. The dashed (solid) lines depict the probability that a

non-poor household related (unrelated) to the Chief was selected as a beneficiary. Figure

1a indicates that in villages where the previous Council election was highly competitive

(i.e., a margin of victory close to 0), about 5 percent of non-poor households related to the

Chief were identified as beneficiaries, whereas about 16 percent of non-poor households

unrelated to the Chief were included as beneficiaries. As the incumbent’s margin of

victory grows to the point where all seats on the Council were allocated to the incumbent’s

party, however, around 25 percent of non-poor households related to the Chief were

included as beneficiaries, while the proportion of unrelated, non-poor households that

were included falls below 5 percent.

This pattern suggests that as electoral competition increases, the Chief trades off rent

seeking (i.e., allocating benefits to his or her non-poor relatives) for allocating resources

to potential swing voters (i.e., non-poor households that are unrelated to the Chief),

while keeping the overall level of resource misallocation constant. To be sure, the pattern

in Figure 1 is only suggestive; in particular, the analysis does not account for household-

level characteristics that might have caused a “borderline non-poor” household to be

accidentally included as a beneficiary. Moreover, it does not account for possible omitted

variables that could drive the observed pattern.

To examine whether the pattern that emerges in Figure 1 is robust, we utilize a number

of econometric specifications to control for other covariates and the potential endogeneity

of electoral competition. We employ four separate specifications, including instrumen-

tal variables, (village-specific) fixed-effects and fixed-effects-instrumental variables tech-

niques. We also leverage two metrics for classifying a household as poor or non-poor,

and also test whether other household characteristics associated with being selected as a

beneficiary, in addition to familial ties to the Chief, are affected by the degree of electoral

competition.

Our paper is related to several recent studies that analyze the impact of electoral competi-

tion at the sub-national level on reform incentives and program manipulation.7 Bardhan

and Mookherjee (2010) study the impact of electoral competition on land reforms in

West Bengal. They find strong evidence of opportunistic behavior by leftist local gov-

ernments who, in spite their supposed ideology, enact land reforms only if pressured by

tight electoral results.8 Camacho and Conover (2011) document manipulation of Colom-

votes than the runner-up. The plots in Figure 1 were generated using the lowess command in Stata.
7Another related paper, Niehaus et al. (2011), examines the problem of designing a PMT when the

PMT implementers have incentives to manipulate beneficiary selection, and the monitoring of PMT
implementers is imperfect. The authors test their theoretical predictions using data from India.

8Bardhan and Mookherjee imbed both an electoral (i.e., “Downsian”) motive, a moral hazard (e.g.,
“rent seeking”) motive and an ideological motive within their theoretical model. In their empirical
analysis, the authors test whether political parties act in a manner consistent with ideology (i.e., adhere to
the stated platform) or whether their actions are more consistent with a Downsian (or “quasi-Downsian”)
framework (i.e., parties are primarily motivated by reelection and rents).
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bia’s targeting system (SISBEN) by local authorities, and find that the overall number

of households identified as beneficiaries is significantly higher in municipalities where

mayoral elections are more competitive. Unlike Bardhan and Mookherjee (2010) and

Camacho and Conover (2011), however, we are able to construct a direct measure or

rent seeking and political opportunism by leveraging household-level data. This allows

us to jointly study rent seeking and opportunistic incentives under a unified framework.

Moreover, we go beyond the municipal level of analysis studied in these papers, and doc-

ument household-level characteristics that reinforce or mitigate the capture effect under

electoral competition.

The paper is organized as follows. Section 2 presents a simple theoretical model linking

electoral competition to both rent seeking and opportunistic vote buying behavior. Sec-

tion 3 describes program context and data. Section 4 presents our econometric strategy.

Section 5 discusses the results, and Section 6 concludes.

2 Theoretical framework

The purpose of discussing a simple theoretical framework is twofold: first, this framework

structures our empirical analysis; and second, the framework illustrates the institutional

setting that we study.9 We consider a two period model (t = 1, 2), and three types of

players: political parties (of which there are two), local village Chiefs and voters. For

simplicity, we assume there is no discounting; period 2 is simply included so that voters

have an incentive to vote rationally.

The two political parties share control of a Council that governs the constituency. The

parties’ share of Council power is based upon a proportional voting rule, in that the

number of seats held is equal to the share of votes received from the electorate. At

the beginning of the game, one party (the “incumbent”) is exogenously endowed with

majority control of the Council. The other party will be referred to as the “opposition,”

but we will primarily focus our attention on the incumbent. The incumbent’s utility is

strictly increasing in its vote share: the incumbent receives payoff P (S) from receiving a

vote share S ∈ [0, 1]. We assume that, over the feasible values of vote shares, P ′(·) > 0

and P ′′(·) < 0: greater vote share implies more seats on the Council, more “spoils from

office” and more opportunities to exploit power for private gain. The marginal benefit

from seats, however, is diminishing: an additional Council seat when all other seats are

controlled holds relatively little added value.

The constituency is comprised of an infinite number of villages of measure 1. To be

sure, in reality a Council governs around nine villages, but this assumption is made for

technical ease. Each village is governed by a Chief that is appointed by the party that

9Some features of the theoretical model also appear in the frameworks of Ferraz and Finan (2011) and
Besley (2006).
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controls the Council. For each party, the identities of its Chiefs are fixed within the

villages: if the incumbent party receives sufficient votes to maintain majority control

of the Council at t = 2, then the same Chief will hold power in village v at t = 1, 2.

This modeling approach corresponds to anecdotal evidence that the Chief is typically the

strong party representative in the village.

Each period, the Chief of village v has an “excess” amount of resources from a program

that can be allocated to village constituents. Within the context of the targeting program,

we view these excess benefits as additional resources that can be allocated to non-poor

constituents, in addition to the intended poor constituent beneficiaries.10 To distribute

these excess resources, the Chief of village v can take one of two actions: either allocate

the excess benefits to his or her relatives (gvt = 0), or allocate these benefits to potential

swing voters (gvt = 1).

Chiefs are one of two types j: a rent seeking type r, or a party loyalist type l. The

Chief’s type is privately known to the Chief. The ex ante probability that a Chief (either

incumbent or opposition) is type j = l is π. Rent seeking Chiefs receive a payoff of

U from allocating the excess benefits to relatives, whereas loyalist Chiefs derive utility

from allocating the excess benefits to swing voters. The incumbent party, however, can

offer the Chief of village v a costly transfer payment of Tv ≥ 0 in exchange for the Chief

allocating resources to swing voters. These transfers can be interpreted as favors such as

promises to share in the Council’s “spoils of office” that give the Chief some utility. In

equilibrium, to provide incentives to rent seeking Chiefs to influence swing voters to vote

for the incumbent, the party will have to offer the same utility to the Chief as allocating

excess benefits to relatives, such that Tv = U .

Within each village, there is a measure 1 of voters, of which λ are potential (non-poor)

swing voters. These voters care only about their expected utility from being allocated

the excess benefits. In each period, these voters receive a payoff of u(gvt), where u =

u(1) > u(0) = 0.11 The remaining (1−λ) voters in the village, on the other hand, are not

influenced by (gv1, gv2); these voters are thought of as partisans. A fraction s+ ε of these

voters turn out to vote for the incumbent, where s is a publicly observed signal of how

many of the partisans will vote for the incumbent in the village (e.g., the signal could be

voters’ historical preferences for the party, observed from previous electoral outcomes)

and ε ∼ F is a noise term that is only observed after the elections occur. Consequently,

if swing voters in a fraction x̂ of the villages vote for the incumbent party, then the

10As we discuss below, the targeting program does a relatively good job at selecting poor households,
suggesting that the Chief and other villagers internalize the benefits the program will bestow upon the
impoverished. In practice, however, additional (technically non-eligible) beneficiaries are also selected by
the local implementers. Given that program monitoring is only weakly enforced, the Chief and incumbent
party have the ability to allocate some additional “excess” benefits to the non-poor.

11We abstract from the fact that the number of non-poor swing voters λ may exceed the budget of
excess benefits. This can be rationalized by assuming that the Chief randomly allocates benefits across the
swing voters if gvt = 1. Thus, u(1) would incorporate a voter’s expected utility from receiving benefits,
conditional on gvt = 1.
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incumbent party’s expected payoff from the election is
∫
P (s+ x̂λ+ ε)dF (ε).

The timing of the game is as follows: in period 1, all Chiefs privately observe their

types. The incumbent party can then privately offer a non-observable contingent transfer

payment to some or all of the incumbent Chiefs to provide incentives to these Chiefs to

select gv1 = 1. After observing this private offer, each Chief then selects gv1 ∈ {0, 1}.
Voters observe the policy, vote for the incumbent or opposition party and period 1 payoffs

are realized. In period 2, the winning party’s Chiefs make the allocation decision gv2 ∈
{0, 1}, and then voters’ period 2 payoffs are then realized.

We solve for the Bayesian Nash Equilibrium via backward induction. In period 2, each

Chief will select the policy that maximizes his or her utility, so that gv2(r) = 0 and

gv2(l) = 1. Therefore in period 1, swing voters will vote for the party whose Chief is

most likely to be a party loyalist type. Voters can condition their beliefs about the

incumbent Chief’s type, jv, by observing the Chief’s policy decision gv1. Swing voters

will thus vote for the incumbent if and only if E[jv = l | gv1]u ≥ πu.

In the first period, party loyalist types will always want to select gv1 = 1, since this

decision maximizes their utility. On the other hand, rent seeking type Chiefs can attempt

to hide their type from voters and select gv1 = 1 to pool with the party loyalist types.

Given that there are a continuum of villages, voting in any one village does not influence

the overall Council election outcome, and thus an individual Chief does not internalize the

influence that voting in his village has on the incumbent party’s reelection prospects.12

The incumbent party, however, can provide incentives to the Chief of village v to select

gv1 = 1 by offering this Chief a transfer Tv = U in exchange for this action. Since

these transfers are costly, the incumbent party will balance the marginal cost and benefit

of influencing the Chiefs. Let x ∈ [0, 1] denote the measure of villages for which the

incumbent party offers the deal of Tv = U to the Chief. If the voters expect that the

incumbent offers the incentive to measure x of the Chiefs, then voters in village v will

have the expectation that:13

prob[jv = l] =

{
0 if gv1 = 0

π
π+(1−π)x if gv1 = 1

.

12An alternative model would allow the Chief to internalize some of the benefits that are accrued to
his or her party from winning the election. Results of such a model would introduce the same trade-off
we discuss below.

13Note that

prob[jv = l | gv1 = 1] =
prob[jv = l ∧ gv1 = 1]

prob[gv1 = 1]

=
prob[jv = l] · prob[gv1 = 1 | jv = l]

prob[gv1 = 1]

=
π

π + (1− π)x
.
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Figure 2: Benefits extracted by Chiefs (gv1 = 0) and allocated to swing voters (gv1 = 1)

Observe that, for any x ∈ [0, 1], swing voters will vote for the incumbent party if gv1 = 1

because prob[jv1 = l | gv1 = 1] ≥ π. Therefore the incumbent party’s problem is

max
x∈[0,1]

∫
P
(
s+ λ[π + (1− π)x] + ε

)
dF (ε)− xU

where again x denotes the share of villages for which the incumbent party incentivizes

the Chief to select gv1 = 1, and π + (1 − π)x denotes the measure of villages for which

gv1 = 1. Assuming an interior solution, it follows that

λ(1− π)

∫
P ′
(
s+ λ[π + (1− π)x∗] + ε

)
dF (ε) = U,

where the left hand side of the equation denotes the party’s marginal benefit from in-

creasing the vote share by making the transfer offer to x∗ share of village Chiefs, while

the right hand side is the marginal cost of making this offer. Then from the Implicit

Function Theorem, it follows that

∂x∗

∂s
= −

λ(1− π)
∫
P ′′(·)dF

[λ(1− π)]2
∫
P ′′(·)dF

= − 1

λ(1− π)
< 0.

This result states that as the incumbent party observes a higher signal s regarding the

number of votes that it will receive in the upcoming election, fewer benefits will be

targeted to swing voters (and more benefits will be targeted to the Chiefs’ relatives).

This follows from the fact that, throughout the constituency, the overall share of swing

voters allocated benefits in the first period, π + (1− π)x∗, is decreasing in the expected

share of votes the incumbent will receive from the partisan types. Figure 2 depicts this

relationship graphically: as the incumbent party expects a higher vote share s, then more

Chiefs extract the private benefits (gv1 = 0) because the incumbent party offers fewer

benefits to its agents, because the swing voters’ support is less valuable.
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3 Program context and data

This section reviews the the data we utilize to perform our empirical analysis, and the

setting in which these data were collected. We begin by describing the targeting program

in detail, and then proceed to elaborate on the government structure. We then describe

our dataset and review the livelihood measures that we construct to partition our sample

into poor and non-poor households.

3.1 The targeting program

The targeting program that we study aims at identifying impoverished households that

reside in rural villages within the country we consider. Households that are deemed eli-

gible for assistance are allocated an identification card. Across the country, households

that received the card (“beneficiaries”) have access to free health care at participating

medical facilities, which amounts to free health insurance. Recently, these identification

cards have increasingly been used by the development community to provide other as-

sistance, such as food distribution, and for targeting land distribution intended for the

poor.

Implementation of the targeting procedures is decentralized and call for an important

role of local officials, with the goal of leveraging local knowledge of households’ livelihood

conditions. In each village, a committee of around seven villagers (the “local imple-

menters”) is tasked with identifying the households that are poor in the village. In

theory, the committee of local implementers is selected in a two-stage process: first, the

local Chief proposes a list of candidate implementers, and second, villagers vote for their

preferred implementers during a village meeting.14 In practice, however, voting occurs

in only around 60 percent of villages, and when voting does occur, the total number of

candidates exceeds the total number of implementers by only one or two in the average

village. Therefore, the Chief wields considerable influence over the selection of the local

implementers.

In each village, the local implementers determine which households are eligible for assis-

tance in three steps: in a first step, the local implementers interview households in the

community by administering a short questionnaire (a Proxy Means Test, or PMT) that

was developed centrally by the targeting program. As with similar programs around the

world, the PMT questions are intended to gather information such as the quality of the

household’s dwelling and asset ownership. For each question, the household is assigned

a point value based on the household’s response, and households with a total point score

below a certain range are deemed as an eligible beneficiary.

14In the village meeting, villagers can propose additional candidates. However, this occurred in fewer
than 15 percent of villages, according to the Chief.
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In a second step, local implementers can use their local knowledge of a household’s

circumstances (e.g., the household recently suffered a crop failure, or the household head

is a widow) to adjust the livelihood category indicated by the PMT. Finally, in a third

step, the implementers are supposed to display the draft list of beneficiaries in public, and

the implementers and Chief are supposed to organize a village-level meeting to receive

feedback regarding the list of beneficiaries. According to villagers, however, this third

step in the process is often not implemented: only 21 percent of households reported that

a draft list of beneficiaries was publicly displayed (36 percent did not know), and only

around 29 percent of households reported that a village-level meeting occurred to present

and discuss the list of beneficiaries (37 percent did not know).15

The decentralized nature of the targeting procedures raises the possibility that local

leaders may capture the process and manipulate which households are selected as benefi-

ciaries. Capture can happen through several channels: local implementers are allocated

some freedom to subjectively modify the list of beneficiaries; the Chief is involved in

overseeing and guiding implementation; and while the national program staff monitor

the overall percentages of households that are categorized as poor (by comparing the

shares of households selected as beneficiaries with other poverty rates implied by other

surveys), there is little-to-no external monitoring of village-level program implementation

and whether households selected as beneficiaries are actually poor. Anecdotal evidence

and informal accounts of some villagers suggest that nepotism and, in particular, non-

poor relatives of the Chief are sometimes included as program beneficiaries.

3.2 Electoral competition and government structure

In the country under study, there are a number of political parties that compete for public

office. Two parties, however, have emerged as serious contenders for power in the states

where the data were collected. We refer to these parties as the Left party (LP) and Right

party (RP). The LP is the stronger party; at the time of the data collection, LP controlled

the national and several sub-national government bodies. The LP is a socialist-leaning,

populist party. The opposition RP, on the other hand, promotes a capitalist, liberal

platform and maintains different views on foreign policy.

The elected government body that is most decentralized is the local Council. This Coun-

cil contains around seven members (depending upon the size of the constituency) and

governs around nine villages. The Council members are elected according to a closed list

proportional voting system, implying that constituents vote for their preferred party and

15As mentioned in the Introduction, targeting procedures may lead to the selection of households
that villagers perceive as poor, as opposed to households that are technically below a (consumption- or
income-based) poverty line. In fact, the targeting program’s objective was to create a PMT that proxies
for villagers’ poverty perceptions, instead of benchmarking the PMT to a consumption-based poverty
metric. This is noteworthy, because villagers’ perceptions of who is poor can differ significantly from
households that fall below an objective poverty line, as discussed in Alatas et al. (2010).
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Figure 3: Distribution of margin of victory

seats on the Council are allocated to parties based upon the overall proportion of votes

received in the election.

In the most recent Council election prior to the collection of our data (held in 2007),

LP and RP were allocated over 93 percent of all Council seats in our randomly selected

sample of villages (described below). The LP received around 60 percent of Council

votes in the median village, whereas the RP received around 25 percent of votes (with

the remaining votes split between several less popular parties). There is substantial

heterogeneity, however, in the degree of electoral competition across Council elections,

and in fact, the RP received the majority of votes in some jurisdictions. Figure 3 displays

the distribution of the margin of victory for the winning party in this election in our

sample of jurisdictions.16 The degree of electoral competition varies considerably: in

some jurisdictions, the first-place party won by a margin of less than 1 percent, whereas in

other jurisdictions, the margin of victory for LP exceeded 60 percent of votes. We utilize

margin of victory as our measure of electoral competition, as opposed to simply the vote

share, because the percentage of votes received by the “fringe” of smaller parties varies

across Council jurisdictions. This measure allows us to compare the level of competition

between the two main parties.

Party control of the Council is important not only for setting jurisdiction-level policies,

but also because the Council appoints all local Chiefs under its jurisdiction. As mentioned

above, it is generally understood that the party with majority control of the Council

typically appoints an influential party representative as the Chief in each village. The

Chief has then the opportunity to marshal support for his or her party.

16Margin of victory is defined as the vote share of the first-place party, minus the vote share of the
second-place party. This variable, or a transformation thereof (e.g., 1−margin of victory), has been used
in the literature to measure electoral competition: see, for instance, Camacho and Conover (2011) and
Besley and Burgess (2002).
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3.3 Data description

Our analysis draws from a survey that was fielded within several months of the decentral-

ized implementation of the targeting procedures, but before the program’s identification

cards were allocated to the households. Data were collected in 299 randomly selected

villages in four states within the country, where the probability of village selection was

proportional to the number of households residing in the village.

Within each village, data were collected from three different populations: households,

local implementers and the Chief. Ten households were randomly selected for interview in

each village.17 Household selection was stratified such that five of the sample households

had been selected as beneficiaries, and five of the sample households had not been selected

as beneficiaries. Stratification was conducted using the official list of beneficiaries that was

created by the local implementers. In total, 2,943 household were interviewed, of which

1,467 (1,476) were (not) beneficiaries.18 The Chief in each village and local implementers

that administered the targeting procedures were also interviewed.19

Overall, three different questionnaires were designed to collect various types of informa-

tion. The household questionnaire was by far the most detailed of the three survey in-

struments. Much of this questionnaire was derived from the government’s socio-economic

survey household questionnaire, including the consumption modules. The questionnaire

also includes a replica of the targeting program’s PMT, and questions regarding whether

or not the local village implementers and Chief followed the procedures indicated by the

program.

In the spirit of Alatas et al. (2010), the household questionnaire also included two modules

that gathered information from each respondent household regarding the other sample

households that were interviewed in the village. The first module elicited respondents’

perceptions regarding the livelihood status of the other sample households in the village.

The respondent was shown a card with the name of the household head written on it and

asked,

Households in your village can be classified into one of four livelihood levels:

very poor, poor, adequate or rich. In your opinion, is (name of household

17In villages with 250 or more households, the village was partitioned into smaller segments. One
village segment was then selected to be the area of interview, again with the probability proportional to
the number of households residing in the segment. In one large village, two sets of ten households were
selected for interview.

18In each village, four replacement households (two beneficiaries, and two non-beneficiaries) were se-
lected, in the event that a household was unavailable for interview. In 74 percent of these cases where
a household member was not available, the reason was because household members were at work or
away from the village. Sampling weights are adjusted to reflect the actual number of beneficiaries and
non-beneficiaries in each village, and are also adjusted for non-response.

19In one (three) [one] village, data were not collected for the local implementers (Chief) [both implemen-
tres and Chief] because respondents were unavailable. Data were collected from over 80 percent of local
implementers. In 93 percent of villages where a leader was interviewed, the actual Chief was interviewed.
If the Chief was unavailable, then the Deputy Chief or other official local leader was interviewed.
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head)’s household very poor, poor, adequate or rich?

This module of the questionnaire was extensively piloted and strategically placed towards

the beginning of the questionnaire, before any mention of the targeting program, to

mitigate response bias.

The second module elicited information regarding whether the other sample households

in the village are related to either the Chief, or any of the local implementers. Respon-

dents were asked about other sample households in order to mitigate the possibility of

a household misreporting its own relationship status. Each respondent household in the

sample was asked if each of the other sample households was related to either the Chief,

or any of the local implementers. The answers provided by the respondent households in

the village were aggregated to identify the relationship statuses of each sample household

in the village.20 Below, this variable is utilized to gauge the extent to which non-poor

relatives of the Chief (and local implementers) are identified as beneficiaries (a measure

we will link to rent-seeking), and the extent to which non-poor, unrelated households are

identified as beneficiaries (a measure we will link to opportunistic, vote buying behavior).

The local implementer and Chief questionnaires were designed to elicit information re-

garding characteristics of these individuals. These survey instruments gathered informa-

tion regarding the individual’s demographic background and years of completed schooling,

and also included a short nonverbal intelligence test (a shortened version of the Raven’s

Progressive Matrices). The Chief questionnaire also included questions regarding general

characteristics about the village.

3.4 Livelihood measures and summary statistics

The subsequent analysis requires that we classify each sample household as either poor

or non-poor, in order to determine whether a household was inappropriately included or

excluded as a beneficiary. To this end, two distinct methods are utilized to partition the

households. One of these methods utilizes the targeting program’s formal PMT, which

was re-administered by the professional enumerators that collected the data utilized in

this paper. This benchmark is objective in nature and follows the targeting program’s

devised method for classifying households as poor.

The targeting program’s intended “poverty benchmark,” however, was villagers’ percep-

tions of whether or not a household is poor (see Footnote 15). While the program’s

20Respondents were informed that familial relations included siblings, parents and children; grand-
parents and grandchildren; and aunts/uncles, nieces/nephews and cousins. A household-level indicator
variable for being related to the Chief was created; this variable equals 1 if either (i) a member of the
household is the Chief; (ii) the household respondent identified itself as relative to the Chief; or (iii) two or
more other respondents in the village identified the household as related to the Chief (and 0 otherwise).
An analogous variable was created with regards to the local implementers. This definition of familial
relationships is similar to the elite connectedness variable in Alatas et al. (2010).
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PMT was designed to proxy for such perceptions, some local implementers modified the

livelihood category indicated by the PMT. Therefore, we also classify households as poor

or non-poor using villagers’ poverty perceptions. To do so, we draw from the poverty

perceptions module of the household survey and identify a sample household as poor if

the household was classified as poor by half or more of the other respondent households

in the village that classified the sample household.21

As may be expected, there are differences between the perceptions-based livelihood cat-

egorization and the PMT. According to the targeting program’s PMT, 17.9 percent of

the households are eligible beneficiaries (i.e., 17.9 percent of the households received a

PMT score below the targeting program’s poor threshold), whereas villagers perceive

36.6 percent of the households as poor. The large difference in the overall poverty rate

is driven by the poverty threshold: only 15.9 percent of all “PMT poor” households

are perceived as not-poor, and only 4.8 percent of all households perceived as poor are

classified as “PMT non-poor.” This indicates that households identified as poor by the

PMT are, in general, also perceived as poor by villagers; villagers, however, perceive that

significantly more households are poor, relative to the PMT. Given these differences and

that in practice, local implementers were allowed to use local knowledge about poverty

perceptions to include additional households, we take the poverty perceptions as the main

“poverty benchmark” when classifying households as poor or non-poor. As a robustness

exercise, we then estimate our econometric models by partitioning households using the

PMT livelihood categorization.

Table 1 presents summary statistics for beneficiary (31.1 percent of the population) and

non-beneficiary households (68.9 percent of the population). The first set of variables are

explicit livelihood measures, such as the household’s PMT score. The second set of vari-

ables are additional household characteristics that implementers may have (legitimately)

considered when determining whether to identify the household as a beneficiary. Finally,

the third set of variables capture the degree of social connectedness of the household.

While some types of variables, such as the livelihood measures, differ for the two groups,

other variables, such as those listed under the social connectedness heading, are quite sim-

ilar. The heads of non-beneficiary households are more educated (3.7 years of schooling

versus 2.7 years), but educational attainments remain overall fairly low for both groups.

There are more female-headed households among beneficiaries, while ethnic minorities

have equal presence in both groups. Non-beneficiary households are also more likely to

have suffered from crop failure in the previous year, which could be a reflection of the

fact that landlessness is more prevalent among beneficiaries.

Overall, households related to the Chief (and related to a local implementer) are evenly

21If half of the villager respondents perceived a sample household as poor and the other half as non-poor,
then the sample household was classified as poor. If fewer than three respondent households reported a
livelihood category for a sample household, then the perceptions variable was coded as “missing.”
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Table 1: Means of household-level variables

Beneficiary Non-beneficiary Total

Livelihood measures
Normalized PMT score (0=lowest, 1=highest) 0.40 0.67 0.58
Villagers perceive as non-poor (%) 0.24 0.82 0.63
Per capita daily consumption, USD 1.72 2.40 2.19

Household characteristics
Number of household members 4.55 4.88 4.78
Years of schooling: Head 2.66 3.69 3.37
Head is female (%) 0.38 0.26 0.29
Ethnic minority (%) 0.05 0.05 0.05
Suffered crop failure: Loss of USD 25+ (%) 0.32 0.46 0.41
Owns 1+ motorcycle (%) 0.21 0.57 0.46
Owns 1+ plough (%) 0.21 0.39 0.34
Owns 1+ tractor (%) 0.02 0.12 0.09
Owns 1+ tv (%) 0.32 0.68 0.57

Social connectedness
Related to Chief (or is Chief) (%) 0.18 0.18 0.18
Related to implementer (or is implementer) (%) 0.38 0.39 0.39
Number of social organizations 0.11 0.21 0.18

Percent of sample households 0.31 0.69 1.00

Notes: Column 1 (Column 2) reports sample means for the 1,467 (1,476) sample households that

were selected (not selected) as beneficiaries by the program. Column 3 reports sample means for

the entire sample of 2,943 households. Household variables cover all households, except the villager

poverty perceptions variable, which is defined for 2,715 households. The normalized PMT score

divides the number of points the household received on the PMT test (as implemented during the

data collection) by the total number of possible points. The number of social organizations variable

considers membership in an artisan, farmer’s, religious, savings or women’s association. All means

are sample weighted.
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distributed between beneficiary and non beneficiary households. Interestingly, however, a

majority of households related to the Chief (69 percent) are deemed as non-poor according

to the villagers’ poverty perceptions (the proportion raises to 86 percent for the PMT).

We interpret these benefits allocated to non-poor relatives of the Chief as our measure

of rent extraction. Similarly, we interpret the benefits allocated to unrelated, non-poor

households as a measure of vote buying behavior. To be sure, some related households

may be swing voters. Nevertheless, given that familial ties are quite strong in the country,

it remains an unlikely event. More importantly, non-poor, non-relative voters may also

contain partisan voters (in addition to swing voters). The vote buying indicator will thus

be measured with error, generating a bias of the parameter estimate towards zero.

The second row of the table indicates that 18 percent of non-beneficiary households are

perceived as poor (which is similar to other similar programs internationally), whereas 24

percent of beneficiary households are perceived as non-poor. In particular, the analysis

shall focus on these non-poor beneficiaries.

Table 1 also reports sample means for estimated per capita household consumption.

This livelihood metric follows the methodology that the national government utilizes to

construct consumption estimates that are used to analyze socio-economic trends. This

measure is essentially constructed by summing daily household consumption across a

variety of categories and dividing by the number of household members. The natural log

of this measure is included in our analysis to control for the fact that local implementers

may have selected households, in part, using information about consumption.

In some econometric specifications, we also make use of village and Council characteristics

listed in Table 2. Data on Chief, local implementers and some village-level characteristics

are derived from our survey data, whereas the other characteristics are derived from

census data. Margin of victory is generated using publicly available voting data.

4 Econometric specification and identification

4.1 Baseline specification

We begin our econometric analysis by relating the beneficiary status of a household to

a set of household, village and Council jurisdiction variables. We explicitly allow for a

relationship between recipient status and the margin of electoral victory in the Council’s

jurisdiction, which can be affected by the extent to which a household is connected to

the Chief. Our baseline estimation equation is given by:

Bivc = Xivcβ1 +Xvcβ2 +Xcβ3 (1)

+γ1marginc +
(
δ0 + δ1marginc + νvc + νc

)
Rivc + λvc + λc + εivc,
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Table 2: Means of village- and Council jurisdiction-level variables

Mean N

Village characteristics
# households in village 197.60 299
# households in village / # households in jurisdiction 0.12 299
% of households: Own ≤ 0.5 ha of land 0.41 299
% of households: Own ≥ 2.0 ha of land 0.21 299
Distance to state administrative center (km) 31.40 299

Chief characteristics
Age 56.83 295
Percentile score on the cognitive test 0.52 295
Years of completed schooling 5.29 295
Number of social organizations 0.69 295

Average local implementer characteristics
Average age 42.66 297
Average percentile score on the cognitive test 0.60 297
Average years of completed schooling 6.80 297
Average number of social organizations 0.49 297

Council jurisdiction characteristics
Incumbent party’s margin of victory 0.41 231
% of households: Own 1+ mobile phone 0.27 231
% of households: Own 1+ tv 0.53 231
% of adults: Completed primary school 0.31 231
% of adults: Literate in the local language 0.65 231

Notes: Local implementer characteristics are averaged over the implementers that

responded to the implementer survey. All means are sample weighted. Variables

are derived from the survey data and the most recent census. The number of social

organizations variables were constructed as discussed in the notes for Table 1. The

sample size for the Council jurisdiction-level variables is smaller than for the village

characteristics because in some Council jurisdictions, multiple villages were randomly

selected; these variables are defined for all 299 villages in the sample.

where Bivc equals 1 if household i in village v of Council c was selected as a beneficiary

(and 0 otherwise); Xivc, Xvc and Xc are vectors of household, village, and Council juris-

diction control variables (as listed in Tables 1 and 2); marginc is the margin of victory

of the 2007 elections for the winning political party in Council c; and Rivc equals 1 if

household i is related to the Chief (and 0 otherwise). Observe that we use a linear proba-

bility model because we are particularly interested in interpreting interaction effects, and

this is difficult to do in a non-linear estimation setting (see, for instance Ai and Norton

(2003)).22

The model allows for various types of error terms. First, it allows for village- and Council-

specific effects in the overall error structure, (λvc, λc). Second, it allows for village- and

22When we estimate the model using a Probit specification, however, most estimates remain qualita-
tively unaffected (results are available upon request).
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Council-specific effects in the association between relationship to Chief and beneficiary

status, (νvc, νc). And third, it allows for a household-specific idiosyncratic error term,

εivc. In our base-case estimation, we assume that these terms are, conditional on the

other variables in the model, uncorrelated with the margin of victory. Below, we discuss

possible deviations from this assumption, and how we modify the estimation accordingly.

Specifying the model in this way allows us to recover several parameters of particular

interest, namely:

(i) the additional probability δ0 that relatives of the Chief are selected as beneficiaries

when the margin of victory is equal to zero. For non-poor constituents, it should be

expected that δ0 < 0: when the electoral environment is very competitive, relatives of

the Chief should be less likely to be selected as a beneficiary;

(ii) the impact δ1 of the margin of victory on the additional probability that relatives of

the Chief are selected as beneficiaries. For non-poor constituents, our theory predicts

that δ1 > 0: as the incumbent’s margin of victory increases, relatives of the Chief should

be more likely to be selected as a beneficiary, relative to other non-poor households.

Moreover, δ0 + δ1 > 0: when the incumbent expects to retain all Council seats, then the

Chief’s relatives should be strictly more likely to be selected; and

(iii) the impact γ1 of the margin of victory on the probability that a household unrelated

to the Chief is selected as beneficiary. For non-poor constituents, our theory predicts that

γ1 < 0: swing voters are less likely to be selected as a beneficiary when the incumbent

party is confident of reelection.

Observe that these predicted signs for (δ0, δ1, γ1) should primarily occur for non-poor

households. The total number of beneficiaries selected is a “soft” constraint, and the

fact that the targeting program under study performs relatively well in including poor

households as beneficiaries suggests that local implementers and the Chief internalized

the social value of the program for the poorest households in the village. Moreover,

opportunistic vote buying behavior and inappropriate allocation of benefits should pri-

marily occur for non-poor households, that is, households that are “not supposed” to

receive benefits. Therefore, we shall investigate the signs of these parameters separately

for poor and non-poor households.

4.2 Augmented specifications

The baseline specification (1) assumes that the error terms are uncorrelated with the

margin of victory. This assumption may be violated, however, which would lead to

inconsistent parameter estimates. We address this problem of identification using instru-

mental variables and fixed-effects estimators.

19



4.2.1 Instrumental variables

The first approach accounts for a potential correlation between (λvc, λc) and marginc,

which could come about in the presence of unobserved household preferences in the Coun-

cil’s jurisdiction that are correlated with both the electoral outcome in the local election,

and the extent to which program benefits are valued by constituents. In particular, the

party that wins the Council election, and the resulting margin of victory, could be related

to constituents’ preferences over the local policies that these parties support. As previ-

ously discussed, the two strong parties that compete in the local elections have different

platforms: the dominant party (Left party) holds a socialist/populist platform, whereas

the weaker opposition party (Right party) promotes a liberal/capitalist platform.

Given the parties’ traditional platforms, we could expect that in areas with strong support

for LP’s platform, which are the majority of areas, there would be a desire for greater local

government intervention to extend benefits to more households, i.e. a positive correlation

between (λvc, λc) and Bivc. Given the nature of electoral competition, this would also

imply a positive correlation between (λvc, λc) and marginc, which would bias γ1 upwards

(i.e., towards zero) since the non-poor should be more likely to receive benefits; the bias

imparted to δ1 remains less clear, as we would not expect there to be any “additional”

probability of receiving benefits associated with being related to the Chief. Similarly, if

the the dominant party in a particular locality is particularly good at delivering benefits

to swing voters, we would also expect a positive correlation between (λvc, λc) and Bivc.

Note that in both cases, the bias imparted under these conditions is away from the

direction predicted by our theory, suggesting that in the basic model we are likely to

underestimate the impacts of electoral competition on benefits.

Nevertheless, we address this potential bias by building on Bardhan and Mookherjee

(2010), who examine local elections in India and base their instrumental variables ap-

proach on the fact that voters have inherent biases for certain political parties, based for

instance on historical traditions, ideology and policy positions that are unrelated to local

policy (i.e., national-level foreign policy). Specifically, when analyzing the impact of lo-

cal elections, Bardhan and Mookherjee use as instruments outcomes of national elections

and previous local elections to account for these underlying, unobserved factors. These

instruments correlate with national-level policies and the innate preferences of voters, but

should be orthogonal to the particular local policies that will affect the upcoming local

election. In full similarity, we use two instruments for our primary measure of electoral

competition:

(i) The lagged margin of victory in the 2002 Council elections. The 2007 Council election

cycle that we utilize to construct the margin of victory marginc represents the first

election that followed major decentralization efforts to empower Councils to determine

local policies. Prior to this election, the local Councils had very limited power, essentially
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no budget and no ability to officially allocate benefits or assistance to constituents. As

such, prior Council elections were more symbolic, as the Council was not relevant for local

policy. The lagged margin of victory in the Council elections is therefore likely to reflect

the heterogeneity of constituents’ preferences for national-level parties and policies, as

opposed to local policies (which were not yet well established) or outcomes of the local

party machine.

(ii) The margin of victory in the 2008 national elections. The most recent national elec-

tions were also conducted via a closed list, proportional election system. We compute

the average vote shares for each party, where the average is taken over the district where

Council c is located. Since preferences for political parties systematically vary geographi-

cally, district-averaged margin of victory should capture the dispersion of regional voters’

preferences for political parties’ national-level policies.

Based on these two variables, we define four variables that we use to instrument for the

margin of victory marginc and its interaction marginc ·Rivc:23

• marginC−1
c : The lagged margin of victory that occurred in the previous Council

election.

• marginAc : The margin of victory in the most recent national election, averaged at

the district-level.

• Rivc ·marginC−1
c : The interaction between margin

C−1
c and Rivc.

• Rivc ·marginAc : The interaction between marginAc and Rivc.

Table 3 reports estimates from an OLS regression of the incumbent party’s most recent

margin of victory in the Council election on the instruments discussed above and Council

controls. Estimates indicate that the instruments are significant in predicting the degree

of electoral competition in the most recent Council election.

4.2.2 Village-level fixed-effects

The second approach we use to account for potential omitted variables biases is fixed-

effects. We estimate a specification of equation (1) that includes a full set of village

dummy variables, which will capture all village- and Council-level variables that affect

the level of benefits distributed. We therefore estimate the model

Bivc = Xivcβ1 +
(
δ0 + δ1marginc + νvc + νc

)
Rivc + τvc + εivc (2)

23See ?, which explains why [margin
C−1
c ,marginA

c ] · Rivc are valid instruments for marginc · Rivc

(conditional on [margin
C−1
c ,marginA

c ] being valid instruments for marginv).
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Table 3: Margin of victory regressions

[1] [2] [3]

margin
C−1
c 0.401*** 0.357***

(0.071) (0.069)

marginAc 0.609*** 0.506***
(0.123) (0.111)

F -statistic 31.982 24.709 22.889
R2 0.386 0.347 0.444
N 231 231 231

Notes: Each column reports results for the OLS specifi-

cation that regresses marginc on the instruments listed

on the table and Council jurisdiction-level controls Xc

listed in Table 2 and state fixed-effects. Robust stan-

dard errors are reported in parenthesis. The star levels
∗∗∗, ∗∗ and ∗ correspond to statistical significance at 1%,

5% and 10%, respectively.

where τvc are the village fixed-effects.24 The validity of this approach rests on the assump-

tion that (νvc, νc) are mean-zero errors that are uncorrelated with marginc (conditional

on the other variables in the model). While this assumption seems plausible to us, it

is possible that it could be violated. A violation of this assumption could occur, for in-

stance, if more benefits are distributed to the Chief’s relations and fewer benefits to swing

voters, while concurrently the Chief “delivers” more votes to swing the election to the

incumbent party. Given that each village contains only about 12 percent of constituents

that vote in the Council election, this seems somewhat unlikely.

Note that in this specification, we cannot identify the direct effect of village- or Council-

level variables. We cannot therefore estimate the effect γ1 of marginc on swing voters’

likelihood of receiving benefits, but only the additional probability that Chiefs’ relatives

are awarded benefits, compared to non-relatives.

4.2.3 Fixed-effects instrumental variables

The third approach combines these two previous methods and estimates a fixed-effects

instrumental variables model. While this increases the set of assumptions required for the

approach to be valid, it allows us to assess the robustness of our results to controlling for

the alternative sources of bias. In this specification, we use Rivc · [marginC−1
c ,marginAc ]

to instrument for Rivc ·marginc.
24Results remain very similar if Council fixed-effects are used, and village-level controls are retained in

the model.
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5 Empirical results

We begin by assessing whether the overall prevalence of mistargeting of poor and non-

poor voters varies systematically with the degree of electoral competition. To investigate

this possibility, we partition our sample into poor and non-poor household subsamples,

and then estimate the following modified version of (1)

Bivc = Xivcβ1 +Xvcβ2 +Xcβ3 + γmarginc + δRivc + λvc + λc + εivc (3)

separately for these two subsamples. Equation (3) is identical to our baseline equation

(1), except the random parameter for Rivc has been replaced with a fixed parameter δ.

In this specification, the parameter γ captures how the degree of electoral competition

influences the overall probability that a household was selected as a beneficiary (regardless

of whether or not the household is related to the Chief).

Results for this model are reported in Table 4. Columns 1-3 (Columns 4-6) report pa-

rameter estimates for the poor (non-poor) subsample of households, where households

were partitioned using villagers’ perceptions of which households are poor.25 Columns

1 and 4 report estimates of (3) using the OLS estimator, while Columns 2, 3, 5 and 6

report estimates for the instrumental variables model in which marginc is instrumented

for by (margin
C−1
c ,marginAc ).

In our data, the degree of electoral competition varies considerably across the states

within our sample, but varies to a lesser extent within states. Consequently, we esti-

mate the instrumental variables specification both omitting state fixed-effects (Columns

2 and 5) and including them (Columns 3 and 6). The specification that omits the state

fixed-effects utilizes the full variability of the electoral outcomes across all Councils, but

may also omit other state-specific characteristics that influence targeting. When the

state fixed-effects are included, the estimates utilize only the within-state variation of

competition to identify the parameters of interest, which remains however considerably

smaller.

Columns 1-3 in Table 4 suggest that the incumbent’s margin of victory does not influ-

ence the probability that a poor household is selected as a beneficiary; the γ coefficient

is insignificant across all three specifications. On the other hand, Columns 4-6 provide

mixed evidence regarding the relationship between electoral competition and the share

of non-poor households (inappropriately) included as beneficiaries. Columns 4 and 5

indicate that the share of non-poor beneficiaries is decreasing in the incumbent’s margin

of victory, which is consistent with the findings of Camacho and Conover (2011). Never-

theless, when state fixed-effects are incorporated into the instrumental variables model,

the parameter estimate γ remains negative but becomes insignificant. Observe that the

25Qualitative results are the same if households are partitioned according to the PMT. The coefficient
for marginc, however, is negative and insignificant in Column 5.
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Table 4: Overall probability of being selected as a beneficiary

Poor household sample Non-poor household sample

[1] [2] [3] [4] [5] [6]
Base IV (1) IV (2) Base IV (1) IV (2)

Rivc 0.043 0.044 0.047 0.009 0.009 0.010
(0.045) (0.044) (0.045) (0.018) (0.017) (0.017)

marginc 0.027 0.098 0.264 -0.108** -0.173* -0.062
(0.105) (0.191) (0.220) (0.055) (0.095) (0.120)

Xivc Yes Yes Yes Yes Yes Yes
(Xvc, Xc) Yes Yes Yes Yes Yes Yes
State FEs No No Yes No No Yes

R2 0.153 0.153 0.170 0.152 0.151 0.159
N 1,277 1,277 1,277 1,391 1,391 1,391

Notes: Each column reports parameter estimates of a linear probability model

in which the dependent variable equals 1 if the household was selected as a ben-

eficiary and 0 otherwise. Columns 1-3 (Columns 4-6) report parameter estimates

for the subsample of households that are perceived as poor (non-poor) by other

households in the village. Column titles correspond to the respective econometric

specification that was used to estimate (3). Household-level controls, Xivc, are

listed in Table 1. Village- and Council jurisdiction-level controls, (Xvc, Xc), are

listed in Table 2. Standard errors are clustered by village and reported in paren-

thesis. Observations are sample weighted. The star levels ∗∗∗, ∗∗ and ∗ correspond

to statistical significance at 1%, 5% and 10%, respectively.

parameter estimates for δ suggest that relatives of the Chief have the same likelihood of

being selected as a beneficiary, when compared to poor non-relatives.

Next, we investigate whether the incumbent party’s margin of victory influences the

composition of the types of poor and non-poor households selected as beneficiaries, in

a manner consistent with rent seeking and opportunistic vote buying. Table 5 reports

the key parameter estimates (γ1, δ0, δ1) for each of the specifications discussed in Section

4, separately for both the poor and non-poor household subsamples (again, partitioned

according to respondents’ perceptions of households’ poverty status). The instrumental

variables specification is again estimated both without (IV (1)) and with (IV (2)) state

fixed-effects.

Overall, results are consistent with the theoretical predictions. The reported estimates

provide strong support to strategic rent seeking behavior for the non-poor subsample

(Columns 6-10), whereas family ties to the Chief does not seem to affect beneficiaries’

selection among the poor, which confirms the hypothesis that the “soft” budget constraint

allows for covering most poor households. Results also have strong economic meaning.

The negative coefficients for Rivc in the regressions for non-poor households indicate

that, with a zero margin of victory, non-poor households with family ties to the Chief

are around 10 to 20 percentage points less likely to be selected as beneficiaries, relative
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to other non-poor households. The positive coefficients associated with the interaction

Rivc ·marginc, and the fact that δ0 + δ1 > 0, also indicate that as the incumbent party’s

margin of victory increases, the Chief’s non-poor family members become relatively more

likely to be identified as beneficiaries. In fact, when the margin of victory is large (close

to one), the situation almost reverses: non-poor households with family ties to the Chief

are 15 to 30 percentage points more likely to be selected as beneficiaries, relative to other

non-poor households.

On the other hand, results provide somewhat mixed support to opportunistic vote buy-

ing behavior: the negative coefficient on marginc suggests that a 10 percentage point

increase in the winning party’s margin of victory is associated with about a 1.5 to 2.5

percentage point decline in the probability that a non-poor, unrelated household is se-

lected as a beneficiary. When including the state fixed-effects in Column 8, however, the

γ1 parameter becomes insignificant, suggesting that the data may not have enough power

to capture the within-state variability in the effect of marginc on the probability that

non-poor, unrelated households are selected as beneficiaries.26

5.1 Robustness

We now turn to investigate the robustness of the results presented in Table 5. We begin

by delving deeper into the possibility that the statistical relationships observed in Table

5 are spurious in nature. Up until this point, we have imposed the assumption that

marginc only affects the parameter of one household-level variable: Rivc. Under the

theoretical framework presented in Section 2, this assumption may seem natural: the

incumbent’s margin of victory shouldn’t necessarily influence the probability that, say,

female-headed households, households that suffered a crop crisis or television-owning

households are included as beneficiaries. If the results in Table 5 are indeed spurious,

and the hypothesized political economy mechanisms are not active, then it may be the

case that marginc also influences the marginal effects of other household-level variables

included in Xivc.

To test this possibility, we augment the baseline model (1) and estimate

Bivc = Xivc

Replaces β1︷ ︸︸ ︷(
η0 + η1marginc + ζvc + ζc

)
+Xvcβ2 +Xcβ3

+γ1marginc +
(
δ0 + δ1marginc + νvc + νc

)
Rivc + λvc + λc + εivc,

where the elements {η0, η1, ζvc, ζc} are vectors of dimension dim(X ′ivc) and have an anal-

ogous interpretation as (δ0, δ1, νvc, νc). The key question is whether η1 6= 0, i.e. whether,

for some household-level controls, marginc is influential in determining the variable’s

26If state fixed-effects are incorporated into the baseline specification in Column 6, the parameters
(δ0, δ1, γ1) are all statistically significant at the 10 percent or 5 percent level.
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parameter value. In addition to estimating this augmented baseline specification, we also

augment the other specifications that were estimated in the results reported in in Table

5.27

Estimates for (δ1, η1) are reported in Table 6. Observe that Table 6 reports estimates from

the model that incorporates all interaction terms jointly. Columns 1-5 display estimates

for the poor household subsample, and Columns 6-10 for the non-poor subsample. For

non-poor households, the main qualitative conclusions regarding rent-seeking still hold

across specifications: after including all of the interaction terms, the interaction of the

marginc and Rivc remains significant under all specifications. In contrast, all other

terms are insignificant: only three of the 55 parameters are significant, and only at the

10 percent level. This undermines the hypothesis that we capture a spurious relation,

and suggests that, for non-poor households, marginc primarily affects the household-level

parameters through familial ties with the Chief, Rivc. Observe, in particular, that the

interaction of the margin of victory with households’ relations with the local implementers

is not significant. This confirms the role of the village Chief as an influential and visible

party representative in the village.

For poor households, the only interaction term that is significant across multiple (four)

specifications is the one concerning ethnic minorities: a 10 percentage point increase in

margin of victory for the incumbent implies that poor, ethnic minority households are

about 10 to 20 percentage points less likely to be included as a beneficiary. This suggests

that a narrow margin of victory may benefit against discrimination of ethnic minorities.

Next, we consider if results are sensitive to the way in which the poor and non-poor

households subsamples are divided. Tables 4-6 utilized data that partitioned households

using an inherently subjective welfare metric, villager perceptions. Conceptually, such

perceptions may vary systematically across villages. To check for robustness, we partition

households into poor and non-poor subsamples using the objective PMT point score

computed by the professional enumerators that executed the data collection. A household

is classified as poor (or eligible) if the household’s PMT score is below the targeting

program’s point threshold.

Table 7 presents these estimates. In Columns 1-5 we show results for technically eligible

households, and in Columns 6-10 we show results for technically non-eligible households.

While the estimates, for non-eligible households, have the correct sign, their significance

drops. In particular, the interaction between margin of victory and households’ relation

with the Chief loses significance under the IV estimations, and the estimates for vote

buying (γ1) are only significant in the baseline specification (Column 6). In full similarity

with the main analysis, estimates for eligible households are all insignificant.

The drop in significance does not necessarily undermine our findings, but rather suggests

27For the instrumental variables specifications, we instrument for marginc · [1, Rivc, Xivc] using the

vectors margin
C−1
c · [1, Rivc, Xivc] and marginA

c · [1, Rivc, Xivc].
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that where the eligibility threshold is set in splitting the sample is of high importance.

The PMT only identified 17.9 percent of households as poor, against 36.6 percent for the

perception measure. Recall that 31.1 percent of the population in our sample villages

is a beneficiary. Thus, the PMT splits the sample at a threshold around which most

households are beneficiaries, and includes in the sample of non-eligible households many

households that, independently from their relation with the Chief, are deemed poor by

everybody in the village and have been fairly included among the beneficiaries. Such an

inclusion obviously affects the ability to capture rent seeking and vote buying effects.

To investigate this issue, we recalibrated the PMT beneficiary eligibility cutoff to reflect

the overall percentage of households that were identified as poor by local implementers

(31.1 percent). The household sample was then partitioned such that households receiving

a PMT score below the recalibrated cutoff were classified as eligible. Parameter estimates

for these specifications are reported in Table 8. For the non-poor subsample, the baseline,

fixed-effects and fixed-effects instrumental variables specifications (Columns 6, 9 and 10)

provide strong support for our theoretical predictions. In the two instrumental variables

specifications (Columns 7 and 8), however, the key parameter estimates generally have

signs that correspond to the theoretical predictions, but are statistically insignificant,

thus providing mixed evidence in support of the countervailing incentives.

6 Conclusion

This paper tests the degree to which policymakers’ private rent seeking and vote buying

behaviors respond to electoral competition. The analysis employs survey data that con-

tain information regarding a decentralized program in a developing country that selected

households eligible for social assistance benefits intended for the poor. We find that the

overall level of resource misallocation is invariant or, if anything, increasing in the degree

of political competition. The composition of who benefits from misallocation, however,

depends upon the level of competition: as electoral competition increases, local officials

trade off extracting private benefits for allocating resources to potential swing voters.

Non-poor relatives of the local Chief are about 10 to 20 percentage points less likely to

be allocated benefits, relative to other non-poor households, when the previous election

outcome was competitive. When the incumbent party won the previous election with a

large margin of victory, however, the situation reverses: non-poor relatives of the local

Chief are about 15 to 30 percentage points more likely to be allocated benefits. Some

evidence, though weaker, also suggests that opportunistic vote buying behavior increases

in response to competition: non-poor voters that are unrelated to the Chief are about 15

to 20 percentage points more likely to be identified as beneficiaries if expected electoral

competition is high. We also find that other household characteristics associated with re-

ceiving benefits are unaffected by electoral competition, suggesting that favoritism works
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mainly through family ties.
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